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Abstract

The finance sector has traditionally relied on static reporting methods for data analysis and
presentation. With the advent of advanced data technologies, there has been a growing interest
in interactive dashboard reporting. Interactive dashboards offer dynamic visualization and real-
time data analysis, promising enhanced decision-making capabilities in financial contexts. Yet,
the adoption of these advanced tools in the finance sector has been varied. The objective of this
research was to empirically examine the drivers and barriers influencing the adoption of
interactive dashboards as opposed to traditional static reporting in the finance sector. The study
analyzed data collected from 381 professionals working in the finance sector, including roles
such as financial analysts, data analysts, IT professionals, data engineers, finance managers,
executives, and business intelligence professionals. The methodology of this study includes
traditional regression methods and four machine learning algorithms: decision tree, random
forest, support vector machine (SVM), and K-nearest neighbors (KNN). The target participants
were categorized into three groups based on their adoption stance: not willing to adopt,
undecided, and willing to adopt. Results from traditional regression methods indicated that
enhanced data visualization and interactivity, real-time data analysis, and customization and
flexibility positively impacted the willingness to adopt interactive dashboards. Conversely, age,
cost implications, dependency on IT infrastructure and support, learning curve and training
requirements, and organizational tenure were identified as significant barriers, negatively
impacting adoption. Features such as improved collaboration and sharing, efficiency in
reporting, scalability and integration with multiple data sources, data security and privacy
concerns, cultural resistance to change, and performance issues with large datasets were found
to have an insignificant impact on adoption decisions. In the machine learning analysis, SVM
classification found to be the most accurate with a 93% accuracy rate, followed by decision tree
(92%), random forest (91%), and KNN (90%). The most significant feature across all methods
was age, consistently showing the highest importance. Other important features included
organizational tenure and real-time data analysis, which were moderately important across most
machine learning methods. Cultural resistance to change and dependency on IT infrastructure
and support were also important in several methods. Customization and flexibility, along with
enhanced data visualization and interactivity, were crucial in specific contexts, especially where
data interpretation and user interaction are key. Less important features identified included
learning curve and training requirements, performance issues with large datasets, and other
context-specific factors such as collaboration and sharing, efficiency in reporting, scalability and
integration, cost implications, and data security and privacy concerns. The findings of this study
recommend the addressing of negative impacts such as age, cost, and IT dependency while
utilizing positive aspects like enhanced visualization, real-time analysis, and customization to
encourage the adoption of more dynamic and interactive reporting methods in the financial data
analysis domain.
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Introduction

In the modern era, the immense availability of data has led to a significant increase in
the use of visualization dashboards across a wide range of industries [1], [2]. These
dashboards, utilized in diverse domains such as learning analytics, medicine,
manufacturing, energy, commerce, news, software development, environment, and
social media analysis, play a crucial role in simplifying and interpreting complex data
sets. They are instrumental in monitoring performance and aiding in informed decision-
making processes.

Few (2006) defined dashboard as “a visual display of the most important information
needed to achieve one or more objectives, consolidated and arranged on a single screen
so the information can be monitored at a glance” [3]. There is a lack of consensus
regarding a universal definition for a dashboard, and this ambiguity, as indicated by
Sarikaya et al., (2019 and Schwendimann et al., (2016), can be attributed to the rapid
proliferation of data and visualization technologies [4], [5]. As these technologies have
expanded, they have facilitated the adoption of dashboards in diverse domains, sparking
the evolution of the dashboard concept itself.

A dashboard, in its most fundamental form, is a tool that presents complex data in an
understandable format, thereby enabling users to monitor performance and make
decisions based on the data presented [6]. The core functionality of these dashboards
lies in their ability to transform raw, often incomprehensible data into a format that is
easily digestible and actionable. This transformation is typically achieved through the
use of various visualization tools such as charts, tables, maps, and text, all consolidated
on a single display for ease of access and interpretation.

The interactive nature of these dashboards is one of their most significant features.
Users are not just passive viewers of information; instead, they can interact with the
underlying data. This interaction can range from simple tasks like filtering and sorting
data to more complex operations like drilling down into specific datasets for detailed
analysis. Such interactivity enhances the user's understanding of the data, allowing for
a more nuanced and informed approach to decision-making. By consolidating key
information in a single location, dashboards streamline the process of monitoring and
interpreting data. This consolidation is important in environments where quick
decision-making is crucial, and data overload is a common problem. The ability to have
a holistic view of essential data at a glance can significantly improve efficiency and
effectiveness in decision-making processes.

In the finance sector, data's role is increasingly sophisticated, underpinning key
functions such as decision-making, risk management, and innovation. With the advent
of big data technologies, financial institutions have transformed their approach to
handling and interpreting large volumes of information [7]. This change has enabled
deeper insights into market trends, customer behavior, and various risk factors.
Utilizing advanced analytics, including machine learning and artificial intelligence,
financial analysts can now discern patterns and correlations in data that were previously
imperceptible. These analytical capabilities facilitate more accurate predictions
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regarding market fluctuations, improve credit assessments, and optimize investment
strategies. Furthermore, the ability to process data in real-time has become critical,
allowing for immediate responses to market volatility and enhancing the overall agility
of financial operations. Risk management in the finance sector has also evolved
significantly due to the enhanced utilization of data. The 2008 financial crisis
underscored the necessity for robust risk assessment tools, prompting a shift towards
more data-driven methodologies [8]. Financial institutions now leverage data to develop
sophisticated risk models, enabling them to identify potential threats and vulnerabilities
proactively. This approach not only aids in anticipating market disruptions but also
ensures better compliance with regulatory standards. By harnessing the predictive
power of data, financial entities can mitigate risks more effectively and make informed
decisions to safeguard their operations and clients.

Innovation in the finance sector is largely driven by the strategic use of data. The
emergence and growth of fintech startups and digital banking platforms exemplify how
data-centric solutions are reshaping the industry. These innovations have introduced
more streamlined, efficient, and customer-focused financial services. Data analytics
plays a crucial role in personalizing these services, tailoring them to individual customer
needs and preferences. Additionally, data-driven insights are instrumental in developing
new financial products and services, enabling institutions to stay competitive and
address evolving market demands.

The financial sector has traditionally used static reports for data presentation and
analysis. These conventional methods offer a structured approach, which has been the
norm for decades. However, these static reports often lack the necessary flexibility and
real-time analytical capabilities that are becoming increasingly vital in today's rapidly
evolving financial landscape. As financial institutions manage larger and more complex
data sets, the limitations of static reporting become more apparent. Traditional reports
typically present data in a fixed format, making it challenging to adapt to new data or
quickly change analytical perspectives. This rigidity hinders the ability to perform deep,
real-time analysis, which is crucial for responding to market changes and making
informed decisions. Additionally, static reports are less effective in illustrating complex
data relationships and trends, a critical aspect in the finance sector where understanding
these dynamics can be pivotal for success [9].

Recognizing these challenges, there's a growing shift in the financial sector towards
interactive dashboard reporting. Unlike static reports, interactive dashboards provide
enhanced data visualization capabilities, presenting information in a more digestible
and visually appealing manner. This form of reporting allows users to interact with data
in real time, enabling them to drill down into details, filter results, and adjust
parameters. Such interactivity offers a dynamic view of data, empowering decision-
makers to explore various scenarios and gain deeper insights. The real-time nature of
interactive dashboards is particularly beneficial in finance, where market conditions can
change rapidly, and timely data analysis is crucial. By facilitating immediate access to
the latest data and trends, interactive dashboards enable financial professionals to make
more agile and informed decisions, an advantage in the fast-paced financial world.
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The shift towards interactive dashboard reporting in the financial sector is not just about
the technology; it represents a fundamental change in how data is perceived and utilized.
Interactive dashboards encourage a more exploratory approach to data analysis,
fostering a culture of curiosity and continuous improvement. This is in stark contrast to
the static nature of traditional reports, which often lead to a passive consumption of
information. By providing tools that allow for active engagement with data, interactive
dashboards enhance the decision-making process, promoting a deeper understanding of
the underlying data. Furthermore, these tools democratize data access within
organizations, allowing various stakeholders, regardless of their technical expertise, to
benefit from data-driven insights. This broader access to data and analytics is crucial in
driving innovation and fostering a more data-centric culture within financial
institutions, ultimately enhancing their competitiveness and ability to adapt.

Drivers and barriers: hypotheses development
Drivers

Enhanced Data Visualization and Interactivity (DV)

Traditional financial reports and spreadsheets, while informative, often fail to
communicate the nuances and interrelationships within the data effectively. In contrast,
enhanced DV uses visual elements like graphs, heat maps, and interactive charts to
make data more accessible and understandable. This visual representation aids in
uncovering trends, anomalies, and correlations that might go unnoticed in standard
tabular data presentations. The interactivity component of these dashboards allows
users to delve deeper into the data, exploring different scenarios and outcomes by
manipulating variables in real-time. This not only facilitates a deeper understanding of
the financial data but also empowers users to make more informed decisions based on
their analyses.

The increased adoption of interactive dashboards in the finance sector can be
significantly attributed to the enhanced DV they offer. In a fast-paced industry the
ability to quickly grasp complex information and make informed decisions is
invaluable. Enhanced DV simplifies the interpretation of large data sets and reduces the
time required to analyze financial reports, leading to increased efficiency and
productivity. Moreover, the engaging and intuitive nature of these dashboards makes
them more appealing to a wider range of users, including those who may not have
extensive financial or technical backgrounds. This inclusivity broadens the scope of
data-driven decision-making within organizations, fostering a more collaborative and
informed work environment. Additionally, the interactive aspect of these dashboards
allows for scenario analysis and forecasting, which are critical in financial planning and
risk assessment. By enabling users to interact with the data and see the potential
outcomes of different financial decisions, these dashboards provide a level of dynamic
analysis that traditional financial tools cannot match.
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Based on these considerations, the hypothesis can be formulated as follows:

Hypothesis 1:

Enhanced Data Visualization and Interactivity (DV) has a positive and significant
impact on the adoption of interactive dashboards in the finance sector.

This hypothesis is grounded in the belief that the enhanced DV capabilities of these
dashboards make financial data more accessible, understandable, and actionable,
leading to better decision-making and increased efficiency. The interactivity of these
dashboards further adds value by allowing users to engage with the data in a more
meaningful way, exploring different scenarios and outcomes. This not only enhances
the user experience but also leads to a deeper and more comprehensive understanding
of financial data. As a result, organizations in the finance sector are more likely to adopt
these tools, recognizing their potential to improve data analysis, decision-making, and
overall operational efficiency.

Real-Time Data Analysis (RT)

Traditional financial analysis methods, which often involve periodic reporting and
retrospective analysis, can lag behind the current market realities. Real-Time Data
Analysis, on the other hand, ensures that financial professionals have access to the most
current data, enabling immediate insights and more agile decision-making. This
immediacy is particularly crucial in areas such as risk management, investment strategy,
and regulatory compliance, where understanding current conditions is essential for
effective decision-making. Moreover, RT analysis allows for the monitoring of
financial performance indicators in real-time, facilitating proactive rather than reactive
management strategies.

The adoption of interactive dashboards with RT capabilities in the finance sector is
increasingly becoming a necessity rather than a luxury. The ability to analyze data in
real time dramatically enhances the responsiveness of financial organizations to market
changes and emerging trends. This responsiveness is key to maintaining a competitive
advantage in a rapidly evolving financial landscape. Real-Time Data Analysis also
enhances the accuracy of financial forecasts and models, as they are based on the most
current data available. This leads to more reliable and effective strategic planning and
risk assessment. Additionally, the integration of RT analysis into interactive dashboards
democratizes access to critical financial information, making it readily available to a
range of stakeholders, from executives to analysts. This accessibility fosters a more
collaborative and informed decision-making process within the organization.

Considering these aspects, the hypothesis can be stated as:

Hypothesis 2:

Real-Time Data Analysis (RT) in interactive dashboards has a positive and significant
impact on their adoption in the finance sector.
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This hypothesis is based on the premise that the ability to analyze and interact with
financial data in real time significantly enhances decision-making processes,
operational efficiency, and strategic planning in financial organizations. The immediacy
and accuracy of RT analysis provide a clear advantage in understanding and responding
to financial markets and conditions.

Customization and Flexibility (CF)

Customization and Flexibility (CF) features allow for the tailoring of dashboards to
meet the specific needs and preferences of individual users or organizations, making
them highly adaptable and user-friendly. Customization can range from the selection of
specific data points and metrics to be displayed, to the layout and visual representation
of the data, including charts, graphs, and color schemes. This level of personalization
ensures that users are not overwhelmed by irrelevant information, enhancing their
ability to quickly and effectively interpret the data. Flexibility in interactive dashboards
also extends to their scalability and integration capabilities. Financial organizations
often use a variety of data sources and analytical tools; thus, the ability of a dashboard
to integrate seamlessly with these tools and adapt to changing data needs is crucial.

The adoption of interactive dashboards with high levels of CF in the finance sector is
driven by the need for tools that can accommodate the unique and changing
requirements of financial analysis. Customized and flexible dashboards empower users
to create a data analysis environment that aligns with their specific workflow and
analytical needs. This alignment increases efficiency and productivity, as users spend
less time navigating through irrelevant data and more time deriving insights from the
data that matters most to them. Furthermore, the ability to customize and adapt
dashboards fosters a sense of ownership and engagement among users, leading to higher
usage rates and a deeper reliance on these tools for decision-making.

Therefore, the hypothesis can be formulated as follows:

Hypothesis 3:

Customization and Flexibility (CF) in interactive dashboards have a positive and
significant impact on their adoption in the finance sector.

This hypothesis is based on the assumption that the ability to tailor and adapt dashboards
to specific user needs and organizational contexts significantly enhances the relevance,
usability, and effectiveness of these tools in financial analysis and decision-making.

Improved Collaboration and Sharing (CS)

Improved Collaboration and Sharing (CS) features enable multiple users to access,
interact with, and share financial data in real time, fostering a more collaborative and
transparent work environment. In the finance sector, where decisions often require input
from various departments such as risk management, trading, and compliance, the ability
to collaborate effectively is crucial. CS features in interactive dashboards facilitate this
by allowing users to share insights, annotate data, and communicate within the platform.
This integration of communication tools within the dashboard itself streamlines the
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decision-making process, as users can discuss and analyze data in a centralized location
without the need for switching between different applications or platforms.

The adoption of interactive dashboards with enhanced CS capabilities is increasingly
becoming a strategic imperative in the finance sector. These capabilities address a
critical need for collaborative tools that can handle complex financial data and facilitate
seamless communication among stakeholders. By enabling real-time sharing and
collaboration, these dashboards break down silos within organizations, ensuring that all
relevant parties have access to the same information and can work together more
effectively. This is important in scenarios that require rapid decision-making based on
the latest financial data. Moreover, the sharing capabilities extend beyond internal
stakeholders to include external partners such as investors, regulators, and clients,
providing them with timely and relevant financial information.

Given these considerations, the hypothesis can be formulated as:

Hypothesis 4.

Improved Collaboration and Sharing (CS) in interactive dashboards have a positive
and significant impact on their adoption in the finance sector.

This hypothesis stems from the belief that the ability to collaborate and share
information efficiently is a key driver in the utilization of interactive dashboards,
particularly in a data-intensive and collaborative field like finance.

Efficiency in Reporting (ER)

ER capabilities streamline and automate many aspects of financial reporting. These
interactive dashboards enable users to generate comprehensive reports quickly, often
with just a few clicks. This contrasts sharply with traditional reporting methods, which
can be time-consuming and labor-intensive, involving manual data compilation,
analysis, and presentation. ER in interactive dashboards often includes features like
automated data aggregation, pre-defined report templates, and customizable data
visualizations, making the process of creating reports more efficient and less prone to
error. These features save valuable time and resources, allowing financial professionals
to focus more on analysis and decision-making rather than on the mechanics of report
generation.

The adoption of interactive dashboards with enhanced ER capabilities is a logical step
for the finance sector, driven by the need for rapid, accurate, and streamlined reporting
processes. Dashboards with ER capabilities reduce the turnaround time for generating
reports, which is especially valuable during periods of high volatility or when quick
responses are required. The efficiency gained through these dashboards also means that
financial reports can be updated more frequently and with less effort. This is critical for
monitoring performance, identifying trends, and making strategic decisions. The
standardized format of dashboard-generated reports ensures consistency and reliability
in the data presented.
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Therefore, the hypothesis can be articulated as follows:

Hypothesis 5.

Efficiency in Reporting (ER) in interactive dashboards has a positive and significant
impact on their adoption in the finance sector.

This is based on the premise that the ability to generate accurate and timely financial
reports efficiently is a key factor influencing the utilization of these dashboards.
Efficient reporting capabilities in dashboards not only save time and resources but also
enhance the quality and reliability of financial reports, making them more valuable tools
for financial analysis and decision-making.

Scalability and Integration with Multiple Data Sources (Sl)

Scalability in interactive dashboards refers to their ability to manage increasing amounts
of data and more complex analysis without performance degradation. This ensures that
as financial organizations grow and their data needs evolve, their dashboards continue
to provide the necessary support without requiring a complete overhaul of the system.
Integration with multiple data sources is equally critical. Financial organizations
typically deal with a variety of data types and sources, including market data, internal
transaction records, and regulatory reports. Interactive dashboards that can seamlessly
integrate and consolidate data from these disparate sources into a coherent and
comprehensive format are invaluable. This integration capability not only improves the
accuracy and completeness of financial analysis but also saves time and resources that
would otherwise be spent on manual data consolidation.

Dashboards that are scalable and capable of integrating multiple data sources provide a
sustainable and efficient solution for managing financial data, even as the requirements
and scale of operations change. These features enable financial organizations to adapt
quickly to market changes, regulatory requirements, and internal strategic shifts without
the need for constant system upgrades or changes in analytical tools.

Therefore, the hypothesis can be framed as follows:

Hypothesis 6.

Scalability and Integration with Multiple Data Sources (SI) in interactive dashboards
have a positive and significant impact on their adoption in the finance sector.

This hypothesis is grounded in the understanding that the ability to efficiently manage
and analyze large and diverse sets of financial data is a crucial determinant of the
usefulness and longevity of interactive dashboards in financial settings.

Barriers

Learning Curve and Training Requirements (LC)
The Learning Curve and Training Requirements (LC) associated with interactive
dashboards in the finance sector can present significant challenges, potentially

Page |52

Drivers and Barriers of Adopting Interactive Dashboard Reporting in the Finance Sector: An Empirical Investigation




RCBA-2019 Volume 2, Issue 1

impacting their adoption negatively. Interactive dashboards, while powerful and
efficient, often come with a level of complexity that requires a considerable amount of
training and adaptation for users, particularly those who are not technically inclined.
The learning curve refers to the time and effort required for users to become proficient
in using these dashboards. In the finance sector, where time is a critical resource, the
requirement for extensive training can be a deterrent. Users often need to understand
not only how to navigate the interface but also how to interpret the data visualizations,
customize the dashboard to their needs, and utilize advanced features for data analysis.
This can be overwhelming, especially for users who are accustomed to traditional, less
complex financial analysis tools.

Moreover, the training required to bring all relevant staff up to speed with these
dashboards can be resource-intensive, involving both time and financial costs. The
complexity of some dashboards might also lead to a reluctance among staff to fully
embrace these new tools, resulting in underutilization or even resistance to change. This
is especially true in organizations where the workforce includes a wide range of ages
and technological proficiency levels. Additionally, the need for ongoing training to keep
up with updates and new features can be seen as a continuous demand on resources,
further impacting the perceived value and practicality of adopting these dashboards.

Therefore, the hypothesis can be articulated as follows:

Hypothesis 7.

The Learning Curve and Training Requirements (LC) for interactive dashboards have
a negative and significant impact on their adoption in the finance sector.

This hypothesis is based on the assumption that the time, effort, and resources required
to learn and adapt to these complex dashboards are substantial deterrents for their
widespread adoption. The complexity and required training can outweigh the perceived
benefits, especially in the short term.

Cost Implications (Cl)

The deployment of sophisticated interactive dashboards often involves considerable
financial investment, not only in terms of the initial purchase or subscription cost but
also in the ongoing expenses related to maintenance, updates, and training. In the
finance sector, where budgetary constraints and return on investment (ROIl) are key
decision-making criteria, the high costs associated with these dashboards can be a major
concern. The initial investment includes the cost of acquiring the dashboard software,
which can be substantial, especially for high-end or custom solutions. Additionally,
these systems might require specialized hardware or integration with existing IT
infrastructure, adding to the setup costs.

The ongoing costs of operating interactive dashboards can also be significant. This
includes expenses for regular software updates, technical support, and potential
scalability needs as the organization grows or its data requirements evolve. Another
major cost factor is training. Ensuring that staff are well-trained to utilize these
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dashboards effectively can involve significant investment in training programs, which
may need to be repeated periodically to keep pace with software updates or to onboard
new employees.

Given these considerations, the hypothesis can be formulated as:

Hypothesis 8.

The Cost Implications (Cl) of interactive dashboards have a negative and significant
impact on their adoption in the finance sector.

This hypothesis suggests that the financial burden associated with the acquisition,
implementation, and ongoing operation of interactive dashboards can outweigh their
perceived benefits, especially in organizations with limited IT budgets or where the
direct financial benefits of such systems are not immediately clear.

Data Security and Privacy Concerns (DS)

Interactive dashboards, by their very nature, involve the aggregation, processing, and
display of large volumes of data, some of which might be confidential or proprietary.
The concerns arise from the risk of unauthorized access, data breaches, and the potential
misuse of sensitive financial information. These risks are amplified in the current digital
landscape, where cyber threats are increasingly sophisticated and prevalent. Financial
institutions are often targets for cyber-attacks due to the valuable nature of the
information they handle, making the security of any financial analysis tool a top
priority.

The adoption of interactive dashboards in the finance sector can be significantly
impeded by these data security and privacy concerns. Implementing interactive
dashboards that meet these stringent requirements can be challenging and costly.
Moreover, the potential reputational damage and financial losses resulting from a data
breach can be substantial. The fear of such repercussions may lead financial institutions
to be cautious about adopting new technologies that pose perceived risks to data
security. Additionally, the need for constant vigilance and updates to safeguard against
emerging cyber threats adds to the complexity and cost of maintaining these
dashboards.

Therefore, the hypothesis can be stated as follows:

Hypothesis 9.

Data Security and Privacy Concerns (DS) have a negative and significant impact on
the adoption of interactive dashboards in the finance sector.

This hypothesis is based on the premise that the risks associated with data security and
privacy are major deterrents for financial institutions when considering the
implementation of interactive dashboards.
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Cultural Resistance to Change (CR)

Cultural Resistance to Change (CR) is a significant factor that can negatively impact
the adoption of interactive dashboards in the finance sector. The finance industry, often
characterized by its adherence to traditional practices and systems, can exhibit a degree
of reluctance or skepticism towards adopting new technologies like interactive
dashboards. This resistance is not necessarily rooted in the technology itself, but rather
in the cultural mindset of the organization and its employees. In many financial
institutions, established routines and familiar processes are deeply ingrained.
Introducing a new system, especially one that significantly alters how data is analyzed
and presented, can disrupt these established norms. Employees may be hesitant to
abandon familiar methods, particularly if they perceive the new system as complex or
challenging to learn. This hesitation can stem from a variety of factors, including a lack
of understanding of the benefits of the new technology, fear of the unknown, or concern
about the impact on their roles and responsibilities.

Cultural resistance can manifest in various ways, such as a lack of enthusiasm for the
new system, slow adoption rates, or even active opposition. This resistance is
particularly problematic because the effectiveness of interactive dashboards relies
heavily on user engagement and acceptance. If the users are reluctant to use the
dashboard, its potential to improve efficiency, decision-making, and collaboration is
significantly undermined.

Therefore, the hypothesis can be formulated as follows:

Hypothesis 10.

Cultural Resistance to Change (CR) has a negative and significant impact on the
adoption of interactive dashboards in the finance sector.

This hypothesis is predicated on the belief that the success of new technology
implementation is as much about the cultural acceptance as it is about the technology
itself.

Dependency on IT Infrastructure and Support (DI)

Dependency on IT Infrastructure and Support (DI) is a crucial aspect that can
significantly influence the adoption of interactive dashboards in the finance sector, often
presenting a negative impact. Interactive dashboards, with their advanced data
processing and visualization capabilities, require robust and sophisticated IT
infrastructure for optimal performance. This dependency encompasses not only the
initial setup of the hardware and software but also ongoing maintenance, updates, and
technical support. In the finance sector, where data accuracy, speed, and availability are
paramount, any shortcomings in IT infrastructure can severely undermine the
effectiveness of these dashboards [10], [11].

The logistical challenges of establishing and maintaining the necessary IT infrastructure
can be substantial. For smaller financial institutions or those with limited IT resources
[12], the investment required to support advanced interactive dashboards can be
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prohibitive. This includes costs related to high-performance servers, secure storage
solutions, reliable network systems, and software licenses. Additionally, these
dashboards often require continuous IT support to address technical issues, perform
system updates, and ensure data security, which translates into ongoing operational
costs. Moreover, the reliance on a specialized IT team for the setup, maintenance, and
troubleshooting of these dashboards can create bottlenecks, especially in organizations
where IT resources are already limited.

Given these factors, the hypothesis can be stated as:

Hypothesis 11.

Dependency on IT Infrastructure and Support (DI) has a negative and significant
impact on the adoption of interactive dashboards in the finance sector.

This hypothesis is based on the premise that the extensive IT requirements for deploying
and maintaining interactive dashboards can be a major barrier, particularly for
organizations with limited IT capabilities or resources.

Performance Issues with Large Datasets (Pl)

Performance Issues with Large Datasets (PI) in interactive dashboards can pose a
significant challenge in the finance sector, potentially hindering their effective adoption
and utilization. While interactive dashboards are designed to facilitate data analysis and
visualization, they can encounter performance issues when handling extremely large or
complex datasets. These issues might manifest as slow loading times, delayed response
when interacting with the dashboard, or even system crashes in severe cases. Such
performance bottlenecks can significantly impede the user experience, reducing the
efficiency and effectiveness of the dashboards.

In the finance sector, timely and accurate data analysis is crucial for decision-making,
performance issues can be particularly problematic. Analysts and decision-makers rely
on these dashboards for real-time insights and analysis; thus, any lag or disruption can
lead to missed opportunities or uninformed decisions. Moreover, in a high-pressure
environment, the patience for slow or unresponsive tools is minimal, leading to
frustration and potential abandonment of the tool in favor of more reliable, albeit less
sophisticated, methods. These performance challenges are often exacerbated by the
increasing complexity and volume of financial data. As organizations grow and their
data needs expand, dashboards must be capable of scaling accordingly. However, not
all dashboards are equipped to handle such scalability demands effectively, leading to
performance degradation as data volume increases.

Therefore, the hypothesis can be framed as follows:

Hypothesis 12.

Performance Issues with Large Datasets (PI) have a negative and significant impact on
the adoption of interactive dashboards in the finance sector.
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This hypothesis is based on the assumption that the capability of dashboards to
efficiently handle large and complex datasets is a critical determinant of their usefulness
and acceptance in data-intensive environments like finance.

Age

The age of employees in an organization can significantly influence the adoption of
interactive dashboards in the finance sector, often presenting a challenge. This factor is
particularly relevant due to the diverse age range in today’s workforce, which includes
a mix of millennials, Generation X, and baby boomers, each with varying degrees of
comfort and familiarity with digital technologies. Younger employees, who have grown
up during the age of rapid technological advancement, are generally more receptive to
adopting new technologies like interactive dashboards. They are often more
comfortable with learning and exploring digital tools, making them quick to adapt to
and embrace such innovations in their work processes.

On the other hand, older employees may exhibit more resistance or hesitation towards
adopting new technology, partly due to their familiarity and comfort with traditional
methods of data analysis and reporting. For these employees, the transition to interactive
dashboards can be challenging, necessitating a significant shift in their approach to
work. This resistance is not necessarily due to a lack of ability but may stem from a
preference for established routines or a perceived steep learning curve associated with
new technology. Additionally, older employees might have concerns about the
relevance of their existing skills and experience in a rapidly digitalizing workplace,
which can contribute to resistance against adopting new tools [13], [14].

This generational divide in technology adoption can lead to a fragmented approach to
data analysis and decision-making within an organization. While younger employees
may leverage the full capabilities of interactive dashboards, their older counterparts
might underutilize these tools, leading to inefficiencies and inconsistencies in how data
is processed and interpreted across the organization.

Therefore, the hypothesis can be articulated as follows:

Hypothesis 13.

The age of employees has a negative and significant impact on the adoption of
interactive dashboards in the finance sector.

This hypothesis suggests that generational differences in comfort and familiarity with
digital technologies can create barriers to the widespread and effective use of interactive
dashboards.

Organizational Tenure (OT)

Organizational Tenure (OT), referring to the length of time employees have been with
their current organization, can play a significant role in the adoption of interactive
dashboards in the finance sector, often leading to challenges in implementation and
acceptance. Employees with longer tenure in an organization might have deep-rooted
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familiarity with existing systems and processes, which can lead to resistance to new
technologies. These individuals often hold valuable institutional knowledge and
expertise, but their comfort with established routines and reluctance to adapt to new
methods can be a barrier to adopting innovative tools like interactive dashboards. Their
resistance may stem from a variety of factors, including perceived threats to their
established ways of working, concern about the relevance of their skills in a changing
technological landscape, or simply a preference for the status quo.

Conversely, employees with shorter tenure are generally more open to change and
adaptation, as they are still forming their work habits and routines. These individuals
are often more willing to embrace new technologies and can act as catalysts for change
within an organization. They might not have the same level of attachment to existing
systems and may be more eager to explore and leverage the capabilities of interactive
dashboards to enhance efficiency and decision-making.

Therefore, the hypothesis can be formulated as follows:

Hypothesis 14.

Organizational Tenure (OT) has a negative and significant impact on the adoption of
interactive dashboards in the finance sector.

This hypothesis suggests that longer tenure may be associated with greater resistance to
adopting new technologies, while shorter tenure may correlate with more openness to
such changes.

Data and Methods

The study conducted a comprehensive analysis of data collected from 381 professionals
working within the finance sector, encompassing various roles such as financial
analysts, data analysts, IT professionals, data engineers, finance managers, executives,
and business intelligence professionals. To understand their perspectives on interactive
dashboard adoption, a Likert scale questionnaire comprising 14 items (6 drivers and 8
barriers) was crafted. This questionnaire was distributed to a sample of 600 individuals,
of which 410 respondents provided their input. After data cleaning to eliminate
inconsistent or missing responses, the final dataset comprised 381 participants. The
research methodology was incorporating both traditional regression techniques and the
application of four machine learning algorithms: decision tree, random forest, support
vector machine (SVM), and K-nearest neighbors (KNN). The participants were
categorized into three distinct groups based on their stance towards adopting interactive
dashboards: those not willing to adopt, those undecideds, and those willing to adopt.

Table 1 presents the questionnaire items related to the drivers of interactive dashboard
adoption. These items cover aspects such as enhanced data visualization and
interactivity, real-time data analysis, customization and flexibility, improved
collaboration and sharing, efficiency in reporting, and scalability and integration with
multiple data sources. Each statement within the questionnaire seeks to capture the
participants' perceptions regarding the positive aspects of adopting interactive
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dashboards in their financial roles. Table 2 shows barriers that participants may face
when considering the adoption of interactive dashboards. These barriers encompass
factors such as the learning curve and training requirements, cost implications, data
security and privacy concerns, cultural resistance to change, dependency on IT
infrastructure and support, and performance issues with large datasets.

Table 1. Questionnaire items for drivers of interactive dashboard adoption
Item Statement

Enhanced Data Visualization and DV1: The interactive elements in dashboards significantly enhance my

Interactivity data analysis.
DV2: | find that advanced visualization capabilities lead to better
decision-making in finance.
DV3: Real-time updates in dashboards have markedly improved my
understanding of financial data.
DV4: Enhanced data visualization in interactive dashboards is crucial for
my daily tasks.

Real-Time Data Analysis RT1: Real-time data analysis in dashboards allows me to respond quickly
to market changes.
RT2: Having access to real-time data significantly influences my
financial decision-making.
RT3: The ability to analyze data in real time has increased the accuracy
of my financial predictions.
RT4: Real-time data analysis is a key factor in choosing to use interactive
dashboards.

Customization and Flexibility CF1: Customizing dashboards to specific needs enhances my financial
analysis efficiency.
CF2: The ability to tailor dashboards to various financial metrics is highly
valuable.
CF3: | frequently utilize customization features in dashboards for better
data presentation.
CF4: Flexibility and customization in dashboards are essential for my
analytical needs.

Improved Collaboration and Sharing  CS1: Interactive dashboards have significantly improved collaboration in
my team.
CS2: The sharing capabilities of dashboards facilitate better
communication of financial insights.
CS3: 1 find that collaboration features in dashboards contribute to more
cohesive decision-making.
CS4: Enhanced sharing and collaboration through dashboards are vital
for our financial operations.

Efficiency in Reporting ER1: Interactive dashboards save a significant amount of time in the
reporting process.
ER2: The efficiency gained from using dashboards outweighs the effort
in traditional reporting.
ER3: Dashboards have streamlined report compilation, reducing manual

effort.
ER4: The time-saving aspect of interactive dashboards is crucial for my
work.
Scalability and Integration with SI1: The ability of dashboards to handle large datasets effectively is
Multiple Data Sources crucial for my financial analysis.

SI2: Integrating multiple data sources into a single dashboard
significantly enhances data comprehension.

SI3: Scalability in handling data is a key advantage of using interactive
dashboards.

Sl4: The integration of various data sources in dashboards is essential for
a comprehensive financial view.
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Table 2. Questionnaire items for barriers of interactive dashboard adoption
Item  Statement

Learning Curve and Training = LC1: The transition to interactive dashboards was challenging due to a
Requirements = significant learning curve.
LC2: Adequate training was required to achieve proficiency in using interactive
dashboards.
LC3: The time taken to learn how to use dashboards efficiently has hindered
my regular work.
LC4: The need for extensive training is a major barrier to the adoption of
interactive dashboards.
Cost Implications = CI1: The initial investment in software and hardware for dashboards was

prohibitively expensive.
CI2: Ongoing maintenance costs of interactive dashboards are a significant
financial burden.
CI3: The cost of licensing and software updates for dashboards is a major
concern.
Cl4: The overall cost of interactive dashboards outweighs their benefits.

Data Security and Privacy DS1: 1 am concerned about the security of financial data when using interactive
Concerns dashboards.
DS2: The risk of data breaches in dashboard systems is a major barrier to their
adoption.

DS3: Compliance with data privacy regulations is challenging when using
interactive dashboards.
DS4: Data security concerns significantly limit my use of interactive
dashboards.

Cultural Resistance to Change = CR1: There is significant resistance within my team to transition from static
reports to dashboards.
CR2: The cultural shift required for adopting dashboards is a major challenge.

CR3: The preference for traditional reporting methods over dashboards is
strong in my organization.
CR4: Overcoming resistance to change is one of the biggest hurdles in adopting

dashboards.
Dependency on IT Infrastructure | DIl: Our organization’s IT infrastructure is inadequate for the effective
and Support implementation of dashboards.

DI2: We are heavily dependent on IT support for maintaining and
troubleshooting dashboards.
DI3: The need for constant IT support for dashboards is a significant limitation.

DI4: Lack of robust IT support hinders the full utilization of interactive

dashboards.
Performance Issues with Large PI1: Interactive dashboards struggle to handle large or complex datasets
Datasets efficiently.

P12: Performance issues with dashboards have negatively impacted my
financial analysis.

P13: The time taken to load and process large datasets in dashboards is a major
issue.

Pl4: Dealing with performance limitations is a key challenge in using
interactive dashboards.

Results

The results in Table 3 reveal the impact of various variables on the dependent variable,
classifying these impacts as either positive, negative, or insignificant. Coefficients
indicate both the magnitude and direction of these effects, while accompanying
statistical metrics such as standard error, t-statistic, and p-value contribute to our
understanding of the reliability and significance of these findings.
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Within the category of positive significant impact, several variables are notable.
Enhanced Data Visualization and Interactivity (DV) has a coefficient of 0.141,
signifying that an increase in DV positively affects the dependent variable. Real-Time
Data Analysis (RT) and Customization and Flexibility (CF) also exhibit positive
impacts, with coefficients of 0.147 and 0.156, respectively. These results are
statistically significant, supported by low p-values, underscoring the importance of
these factors in driving favorable outcomes.

Conversely, in the negative significant impact category, variables such as Age, Cost
Implications (ClI), Dependency on IT Infrastructure and Support (DI), Learning Curve
and Training Requirements (LC), and Organizational Tenure (OT) demonstrate
negative coefficients. This implies that an increase in these variables has an adverse
effect on the dependent variable. Notably, Age stands out with a substantial negative
impact, substantiated by a low p-value and a significant t-statistic.

Variable Impact Group Coefficient | Std. T- P-value
Error statistic
Positive Significant Impact
Enhanced Data Visualization | Positive 0.141 0.049 2.867 0.0044
and Interactivity (DV) Significant
Impact
Real-Time Data Analysis (RT) | Positive 0.147 0.048 3.043 0.0025
Significant
Impact
Customization and Flexibility | Positive 0.156 0.048 3.250 0.0013
(CF) Significant
Impact
Negative Significant Impact
Age Negative -0.123 0.002 -54.180 | <0.0001
Significant
Impact
Cost Implications (CI) Negative -0.176 0.049 -3.577 0.0004
Significant
Impact
Dependency on IT | Negative -0.108 0.051 -2.114 0.0352
Infrastructure and Support | Significant
(DI) Impact
Learning Curve and Training | Negative -0.097 0.049 -1.987 0.0476
Requirements (LC) Significant
Impact
Organizational Tenure (OT) Negative -0.048 0.010 -4.845 <0.0001
Significant
Impact
Insignificant Impact
Improved Collaboration and | Insignificant 0.017 0.048 0.352 0.7253
Sharing (CS) Impact
Efficiency in Reporting (ER) Insignificant 0.013 0.048 0.264 0.7916
Impact
Scalability and Integration | Insignificant -0.087 0.049 -1.770 0.0776
with Multiple Data Sources | Impact
D
Page |61

Drivers and Barriers of Adopting Interactive Dashboard Reporting in the Finance Sector: An Empirical Investigation



RCBA-2019 Volume 2, Issue 1

Data Security and Privacy | Insignificant -0.042 0.049 -0.864 0.3882
Concerns (DS) Impact
Cultural Resistance to Change | Insignificant 0.046 0.049 0.936 0.3501
(CR) Impact
Performance Issues with Large | Insignificant 0.009 0.051 0.183 0.8549
Datasets (PI) Impact

Table 4. Model performance
Item | Value
R-squared | 0.89
Adjusted R-squared | 0.89
Mean dependent var | 2.00
S.D. dependent var | 0.82
S.E. of regression | 0.27
Sum squared resid | 27.07
Log likelihood | -36.83
Akaike Information Criterion (AIC) | 0.27
Schwarz Criterion (Bayesian Information Criterion, BIC) | 0.43
Hannan-Quinn Criterion | 0.33

Figure 1. different impacts of variables on interactive dashboard adoption
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Variables classified as insignificant impact, including Improved Collaboration and
Sharing (CS), Efficiency in Reporting (ER), Scalability and Integration with Multiple
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Data Sources (Sl), Data Security and Privacy Concerns (DS), Cultural Resistance to
Change (CR), and Performance Issues with Large Datasets (PI), possess coefficients
close to zero. This suggests that these factors do not significantly influence the
dependent variable. The relatively high p-values associated with these variables further
affirm their lack of substantial impact.

Additional statistics at the the table 4, such as R-squared, adjusted R-squared, and
various criterion values show overall goodness of fit and model performance. An R-
squared value of 0.89 suggests that the model explains 89% of the variance in the
dependent variable, indicating a robust fit. The Akaike Information Criterion (AIC) and
Schwarz Criterion (BIC) values, both low, further underscore the model's adequacy.
Together, these results provide a comprehensive understanding of the factors affecting
the dependent variable and the quality of the employed analytical model.

Table 5. Evaluations of machine learning models

Metric = Decision Random SVM K-Nearest
Tree Forest Classification Neighbors
Precision (Class  93% 95% 93% 85%
1)
Precision (Class = 89% 87% 92% 94%
2)
Precision (Class = 95% 92% 95% 94%
3)
Recall (Class1) 93% 95% 95% 100%
Recall (Class2) 87% 87% 87% 77%
Recall (Class 3)  97% 92% 97% 94%
F1-Score (Class = 93% 95% 94% 92%
1)
F1-Score (Class 88% 87% 89% 85%
2)
F1-Score (Class = 96% 92% 96% 94%
3)
Overall Accuracy = 92% 91% 93% 90%

The results of four different machine learning algorithms (presented in table 5), namely
Decision Tree, Random Forest, SVM Classification, and K-Nearest Neighbors (KNN),
were evaluated for a multi-class classification task. In terms of precision, Decision Tree
achieved high values for all classes, with class 3 having the highest precision at 95%.
Random Forest also showed strong precision values, particularly for class 1 at 95%.
SVM Classification demonstrated consistent precision across all classes, with class 3
having the highest precision at 95%. KNN, on the other hand, exhibited varying
precision values, with class 2 having the highest precision at 94%.

When it comes to recall, SVM Classification performed exceptionally well with class 1
and class 3 achieving the highest recall rates at 95% and 97%, respectively. Decision
Tree also demonstrated strong recall rates across all classes, with class 3 having the
highest recall at 97%. Random Forest and KNN had relatively consistent recall rates,
with class 1 and class 3 achieving the highest recall rates in their respective algorithms.
Overall, the SVM Classification algorithm had the highest overall accuracy at 93%,
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followed closely by Decision Tree at 92%, Random Forest at 91%, and KNN at 90%.
These results suggest that SVM Classification is the most accurate algorithm for this
specific classification task.

Figure 2. Model evaluation of decision tree
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Table 6. feature importance decision tree

Rank Feature Importance

1 Age 85.82%

2 Organizational Tenure (OT) 4.05%

3 Performance Issues with Large Datasets (PI) 2.96%

4 Real-Time Data Analysis (RT) 2.44%

5 Customization and Flexibility (CF) 2.29%

6 Learning Curve and Training Requirements (LC) 1.60%

7 Enhanced Data Visualization and Interactivity (DV) 0.85%

8 Improved Collaboration and Sharing (CS) 0.00%

9 Efficiency in Reporting (ER) 0.00%

10 Scalability and Integration with Multiple Data Sources (SI)  0.00%

11 Cost Implications (CI) 0.00%

12 Data Security and Privacy Concerns (DS) 0.00%

13 Cultural Resistance to Change (CR) 0.00%

14 Dependency on IT Infrastructure and Support (DI) 0.00%

In the case of the decision tree model, age emerges as the most influential feature, with
an importance score of 85.82%. This suggests that age is a crucial determinant in the
decision-making process of this model, indicating that it significantly impacts the
outcome. Following age, organizational tenure (OT) is the second most important
feature, albeit with a considerably lower importance score of 4.05%. This implies that
while age is a dominant factor, organizational tenure also plays a non-negligible role in
the model's predictions. The remaining features contribute to a lesser extent, with
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performance issues with large datasets (PI), real-time data analysis (RT), and
customization and flexibility (CF) occupying the next positions in terms of importance.

Figure 3. Model evaluation of random forest
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Table 7. feature importance in random forest model

Rank Feature Importance
1 Age 54.54%
2 Organizational Tenure (OT) 3.97%
3 Cultural Resistance to Change (CR) 3.79%
4 Real-Time Data Analysis (RT) 3.79%
5 Dependency on IT Infrastructure and Support (DI) 3.67%
6 Customization and Flexibility (CF) 3.66%
7 Enhanced Data Visualization and Interactivity (DV) 3.59%
8 Scalability and Integration with Multiple Data Sources (SI)  3.48%
9 Learning Curve and Training Requirements (LC) 3.43%
10 Efficiency in Reporting (ER) 3.31%
11 Performance Issues with Large Datasets (PI) 3.29%
12 Cost Implications (ClI) 3.22%
13 Improved Collaboration and Sharing (CS) 3.19%
14 Data Security and Privacy Concerns (DS) 3.07%

In contrast, the random forest model assigns a lower importance score to age, at 54.54%,
compared to the decision tree model. This suggests that while age remains influential,
it is not as decisive in the random forest's predictions. Instead, the model considers a
broader set of features, with cultural resistance to change (CR), real-time data analysis
(RT), and dependency on IT infrastructure and support (DI) also making significant
contributions. This highlights the ensemble nature of random forests, which can capture
more complex relationships among features. Interestingly, the random forest model
assigns importance scores to all features, indicating that no feature is entirely
disregarded in its decision-making process.
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Figure 4. Model evaluation of SVM
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Table 8. feature importance SVM

Feature Class 1 vs Rest Class 2 vs Rest Class 3 vs Rest
Age 1.277 0.317 1.073
Organizational Tenure (OT) 0.525 0.025 0.540
Performance Issues with Large Datasets (PI) 0.755 -0.006 -0.710
Real-Time Data Analysis (RT) -1.043 -0.039 -1.090
Customization and Flexibility (CF) -1.030 -0.002 -0.237
Data Security and Privacy Concerns (DS) -0.010 0.013 -0.243
Cultural Resistance to Change (CR) 0.130 0.018 0.257
Dependency on IT Infrastructure and Support (DI) -0.085 0.025 0.635
Improved Collaboration and Sharing (CS) 0.217 0.004 0.745
Efficiency in Reporting (ER) -0.779 0.006 -0.561
Enhanced Data Visualization and Interactivity (DV) -0.951 -0.014 0.106
Scalability and Integration with Multiple Data Sources (SI)  0.236 -0.010 0.247
Learning Curve and Training Requirements (LC) 0.452 0.031 1.409
Cost Implications (CI) 1.156 0.021 1.321

Support Vector Machines (SVM) take a different approach, providing class-specific
importance scores for each feature. In this case, age, organizational tenure (OT), and
performance issues with large datasets (PI) show varying degrees of influence across
different classes. Age is particularly important for class 1 vs. rest and class 3 vs. rest,
while organizational tenure (OT) plays a more substantial role in class 2 vs. rest.

Finally, the K-Nearest Neighbors (KNN) model ranks features based on their impact on
accuracy. Age tops the list, contributing to a significant increase in accuracy, followed
by cultural resistance to change (CR) and improved collaboration and sharing (CS),

Page |66

Drivers and Barriers of Adopting Interactive Dashboard Reporting in the Finance Sector: An Empirical Investigation



RCBA-2019 Volume 2, Issue 1

which also have positive effects on accuracy. On the other hand, performance issues
with large datasets (Pl) and organizational tenure (OT) have a negative impact on
accuracy, indicating that they might introduce noise or confusion into the KNN model's
predictions.

Figure 5. Model evaluation of KNN
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Table 9. Feature importance KNN

Rank Feature Change in Accuracy
1 Age 0.5043
2 Cultural Resistance to Change (CR) 0.0174
3 Improved Collaboration and Sharing (CS) 0.0087
4 Efficiency in Reporting (ER) 0.0087
5 Learning Curve and Training Requirements (LC)  0.0087
6 Dependency on IT Infrastructure and Support (DI)  0.0087
7 Real-Time Data Analysis (RT) 0.0000
8 Customization and Flexibility (CF) 0.0000
13 Performance Issues with Large Datasets (PI) -0.0174
14 Organizational Tenure (OT) -0.0174

For the Random Forest and SVM models, the ROC Curves typically exhibit higher areas
under the curve (AUC), indicative of their superior ability to distinguish between the
classes compared to Decision Tree and KNN. The Random Forest model, in particular,
shows a notable proficiency in balancing the true positive and false positive rates, which
is a hallmark of its robustness in handling various classification thresholds. On the other
hand, while the KNN model presents a decent ROC performance, it tends to lag slightly
behind, especially in scenarios with overlapping class characteristics.
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Precision-Recall Curves are especially informative in cases of imbalanced datasets, as
they focus on the performance of the classifier with respect to the positive class. Here,
the SVM and Random Forest models generally show higher precision for a given level
of recall, which suggests their effectiveness in classifying the positive cases accurately
while minimizing false positives. In contrast, the Decision Tree and KNN models
display somewhat lower precision, particularly at higher recall levels, implying a higher
incidence of false positives as they strive to capture more true positives. The Learning
Curves, depicting how the models' performances evolve with increasing training data,
reveal that Random Forest and SVM are more stable and consistent in their learning
process, achieving higher performance with less variance between training and
validation scores. The Decision Tree and KNN, while still improving with more data,
exhibit a bit more variability, suggesting a slightly less robust generalization capability
across different datasets.

Conclusion

The financial sector, characterized by its reliance on precise data analysis and timely
decision-making, has historically depended on static reports for data presentation and
analysis. These traditional methods, while structured and familiar, often lack flexibility
and real-time analytical capabilities, which are increasingly critical in today's fast-paced
financial environment. As financial institutions grapple with large volumes of complex
data, there is a growing recognition of the limitations of static reporting in providing
the dynamic analysis and visualizations necessary for effective decision-making. This
shift in data handling needs has led to a rising interest in interactive dashboard reporting,
which offers enhanced data visualization, real-time analysis, and greater user
interaction [15].

Despite the apparent advantages of interactive dashboards, their adoption in the finance
sector has been uneven and somewhat hesitant. Several factors contribute to this
reluctance, including the inherent resistance to change within established financial
institutions, concerns over data security, the cost and complexity of implementing new
technologies, and the need for specialized training. Moreover, there is a lack of
comprehensive empirical research specifically examining the drivers and barriers
influencing the adoption of interactive dashboards in finance. Existing studies have
primarily focused on the technical aspects of these systems or their applications in other
sectors, leaving a significant gap in understanding the unique context and challenges
within the finance sector [16], [17].

Addressing this gap, this study aims to provide a nuanced understanding of the factors
influencing the adoption of interactive dashboards in finance. It investigates both the
motivators and obstacles from the perspective of finance professionals, who are at the
forefront of this technological transition. The research's relevance is underscored by the
sector's growing data-driven orientation and the need for more dynamic and interactive
reporting methods. By examining the attitudes and experiences of financial analysts,
data analysts, IT professionals, and executives, the study seeks to offer valuable insights
that could guide the strategic implementation and effective utilization of interactive
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dashboards in the finance sector, thereby enhancing overall data management and
decision-making processes.

The findings suggest that the adoption of interactive dashboards in the finance sector is
significantly influenced by how these tools are perceived and integrated within the
professional environment. A key observation is the positive impact of enhanced data
visualization and interactivity. This suggests that the ability to interactively engage with
data through sophisticated visualization techniques is highly valued by finance
professionals. It indicates a need for dashboard solutions that are not only functionally
rich but also visually intuitive, aiding in the complex process of financial decision-
making and analysis.

The findings also suggest that real-time data analysis is another critical factor positively
impacting adoption. In a sector where timing and accuracy are crucial, the ability to
analyze data in real-time offers a significant competitive advantage. This highlights an
evolving trend in financial operations towards more immediate and responsive data
management practices. It suggests that finance professionals are increasingly seeking
tools that can keep pace with the rapid dynamics of financial markets and internal fiscal
analytics.

The positive impact of customization and flexibility further suggests that there is a
growing demand for personalized dashboard experiences. Finance professionals appear
to prefer tools that can be tailored to their specific needs and workflows. This implies
that one-size-fits-all solutions might be less effective in meeting the diverse
requirements of the sector. Dashboard developers and vendors, therefore, need to focus
on creating adaptable and modular solutions that can cater to a variety of user
preferences and requirements.

On the other hand, the negative impacts of factors like age and cost implications suggest
certain barriers to adoption. The age factor, for instance, indicates a potential divide in
technology usage across different age groups within the sector, suggesting that younger
professionals might be more inclined towards adopting new technologies compared to
their older counterparts. This has significant implications for how organizations
approach training and technology integration, possibly requiring more focused efforts
to bridge this generational gap.

Similarly, the negative impact of cost implications suggests that despite recognizing the
benefits of dashboard technologies, financial considerations remain a significant hurdle.
This indicates a need for more cost-effective solutions in the market. It also points to
the importance of demonstrating clear return on investment (ROI) to justify the adoption
of these technologies, especially in organizations where budget constraints are a major
consideration.

The negative impact of dependency on IT infrastructure and support reinforces the need
for more autonomous and user-friendly dashboard solutions. This suggests that there is
a hesitancy to adopt technologies that are perceived as too complex or requiring
extensive IT support, indicating a preference for tools that are easy to implement and
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manage. It also suggests the importance of strengthening IT infrastructure to support
more advanced and integrated dashboard technologies.
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